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EXECUTIVE SUMMARY

The Process
Effects of school closures on learning were determined by comparing growth rates using nationally-
representative universal screening data from FastBridge adaptive reading and math assessments from 
fall 2019 to fall 2020. Results were quantified as monthly learning loss. To examine generalizability, we 
compared achievement levels, free or reduced lunch rates, and percent minority students among schools 
and students who tested in consecutive years to those who did not test in the fall of 2020. We also 
compared FastBridge results to those reported in other studies to determine whether the evidence is 
converging. Lastly, we used mixed-effects modeling to evaluate trends across school strata (rural, urban, 
and suburban), school-level poverty rates, and race/ethnicity composition. 

The Findings
Data from students who completed fall screening indicate that COVID has negatively influenced K-8 
students’ learning in math and reading. Losses are consistently greater in math than reading and largest 
in late elementary and middle school grades. Those effects are observed uniformly across school strata, 
school-level poverty rates and race/ethnic composition. Several studies using data from other assessment 
systems have also examined the impact of school closures on student achievement, and the evidence 
from math learning losses shows a high degree of convergence across studies. 

Recommendations 
Because the risk of learning loss is great in grades 2-8, especially in mathematics, educators should consider 
spending more time on these high-need areas. Effective remote instruction is possible to counter learning 
loss, and teachers will need support to make it happen. A multi-tiered system of support (MTSS) can help 
schools address student needs by utilizing assessments that identify students who are at risk to align the 
right supports, and determine if interventions and intervention programs are effective. 

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
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The COVID pandemic has affected many facets of instruction and learning. The delivery of content was 
impeded due to extended school closures in spring 2020 as well as delayed school openings and alternative 
instruction formats in fall 2020 and continuing into 2021. These changes in instruction were compounded 
by a lack of universal access to digital devices and the internet, known as the “digital divide” (Lieberman, 
2020), and the ramp-up time to modify instruction for remote learning. Student engagement, an essential 
factor in learning, was also compromised. Many students faced distractions in home environments that 
could impede engagement. Loss of much-needed social interactions with classmates and teachers also 
likely influenced engagement for many students (National Association of School Psychologists, 2020). 
Some of these challenges are specific to COVID, but others are not new. 

Despite ongoing uncertainty about additional COVID disruptions, schools remain responsible for providing 
instruction. This paper offers an analysis of national data that reflects student performance during the first 
COVID phase, recommendations for achieving catch-up growth, and tips for delivering effective online 
instruction.   

INTRODUCTION

LEARNING GROWTH DURING THE COVID YEAR 
VS. PREVIOUS YEARS

Shortly after schools closed in the spring of 2020, many 
predictions were made about how student learning 
would be impacted. We provided our own predictions 
based on historical growth rates and assumptions that no 
or very little learning would occur during the spring of 
2020 (Bielinski, Brown, & Wagner, 2020). By analyzing 
large-scale universal fall 2020 screening data, we were 
able to quantify the actual impact of spring 2020 school 
closures on student learning.

COVID Slide:
Research on Learning Loss
& Recommendations
to Close the Gap

Download the Whitepaper.

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS

https://ie.fastbridge.org/digging-into-the-digital-divide/
https://go.illuminateed.com/COVID-Slide-Whitepaper
https://ie.fastbridge.org/COVID-Slide-Whitepaper-FB-Pt-I


5

Anonymized student-level FastBridge reading and math test scores were used to compare achievement 
growth from the fall of 2019 through the fall of 2020 (i.e., COVID) to growth derived from the three prior 
school years (i.e., pre-COVID). For each student with test scores in two consecutive fall seasons, we 
computed the annual change score divided by the number of days between administrations to obtain 
a daily growth rate of improvement (ROI). This process involved using growth instead of achievement 
controls for random variation due to changes in demographic composition from year to year, and using 
the ROI controls for variation in the interval between administrations. Using an ROI was particularly 
important for the evaluation of learning during the pandemic because many schools delayed fall 2020 
screening which increased the interval between fall 2019 and fall 2020 administrations by about three 
weeks on average.

The data were limited to assessments administered between August 2019 and October 2020, and 
excluded scores at the 1st and 99th percentiles. These outlying scores were removed because we found 
an unexpected jump in the percentage of students scoring in the 99th percentile in kindergarten through 
grade 3 in the fall of 2020 that we believe may be attributed to students receiving help from others 
(e.g., family members), and because our own analysis shows that growth rates of students scoring at the 
extremes are prone to large fluctuations.

Figures 1 and 2 present the results for the FastBridge adaptive reading (i.e., aReading) and adaptive math 
(i.e., aMath) assessments for kindergarten through grade 8. The height of each bar represents the mean 
12-month ROI by grade. The mean of the average annual gain for the three baseline years represents the 
expected annual gain and the standard deviation of the three means constitutes the standard error. 

Calculating Learning Loss

FIGURE 1:  aREADING FALL TO FALL GAIN 
SCORES BY GRADE

FIGURE 2:  aMATH FALL TO FALL GAIN SCORES  
BY GRADE

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
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The results show that COVID appears to have impacted 
student learning. In each grade, the yearly gain in the 
COVID year is lower than the average annual gain 
from the baseline years. For all but kindergarten math, 
the difference exceeded the standard error. These 
results provide strong evidence of some reduction in 
achievement growth due to school closures during 
the spring of 2020.

Table 1 presents the COVID year effect in terms of 
observed mean scale score differences, effect sizes, 
and monthly growth rates. The effect size is the ratio of the observed mean scale score difference to the 
“within-grade” standard deviation. The observed effect sizes were generally between -0.1 and -0.2. Using 
common interpretation guidelines, effect sizes in this range are considered small. 

However, we caution that this characterization of the effect does not mean these losses can be easily 
overcome. On the contrary, because the learning loss is more pervasive over time and across many 
students, a large and sustained effort may be needed to bring achievement back up to pre-COVID levels. 
(See more on our recommendations for closing learning gaps below.)

WHAT DO THE DATA TELL US?

In each grade, the yearly gain in the COVID 
year is lower than the average annual gain 
from the baseline years. These results 
provide strong evidence of some reduction in 
achievement growth due to school closures 
during the spring of 2020.

TABLE 1 :  FASTBRIDGE ADAPTIVE READING AND MATH PERFORMANCE LOSS RELATIVE TO HISTORICAL 
AVERAGES

Reading Math

Grade Difference Effect Size Monthly Loss Difference Effect Size Monthly Loss

KG-1 -3.71 -0.13 <1 Mo -0.48 -0.06 <1 Mo

1-2 -2.15 -0.08 1 - 2 Mo -0.84 -0.11 1 - 2 Mo

2-3 -1.68 -0.07 1 - 2 Mo -1.20 -0.16 2 - 3 Mo

3-4 -2.70 -0.12 2 - 3 Mo -1.80 -0.22 2 - 3 Mo

4-5 -3.35 -0.15 2 - 3 Mo -2.28 -0.24 3 - 4 Mo

5-6 -3.44 -0.15 3 - 4 Mo -2.28 -0.21 3 - 4 Mo

6-7 -2.55 -0.11 2 - 3 Mo -1.68 -0.15 3 - 4 Mo

7-8 -2.87 -0.13 2 - 3 Mo -1.32 -0.12 ~ 3 Mo

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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Furthermore, we quantified learning loss relative to monthly growth rates. The monthly loss was computed 
by dividing the observed mean difference (COVID Year - Baseline Years) by the median (50th percentile) 
annual national growth rate for each grade. For example, the 50th percentile of fall-to-spring grade 1 
growth rate was used to quantify monthly learning loss from kindergarten to grade 1. 

An important advantage of reporting results relative to monthly growth rates is that it accounts for the 
variation in growth across grades. Growth rates are much greater in the early elementary grades than in 
middle school; therefore, it would take much longer for a middle school student to make up a 10-point 
decline than it would a first grader. Another advantage of the monthly loss metric is that it provides a 
meaningful way to interpret performance declines. In monthly loss increments, one can infer how much 
student growth rates must increase to get back on track. For example, to close a 3-month loss during a 
9-month school year, growth would need to increase 33% for the entire school year.

The observed learning losses in reading ranged from about 1 month in primary 

grades to about 3 months in late elementary grades. Learning losses in math 

were generally about 1 month greater than in reading, ranging from less than 

1 month in kindergarten to about 4 months in 6th grade. These results indicate 

that to catch up, students in upper elementary and middle school will require 

longer sustained elevated growth rates than students in the primary grades.

An important question is whether results generalize to students who were not assessed in the fall of 2020. 
We compared schools that universally screened in the fall of 2019 and 2020 to schools that screened in the 
fall of 2019 but not in the fall of 2020. Specifically, we evaluated assessment rates, rates of free or reduced 
lunch (FRL), the percentage of students of color, and fall 2019 scores. FRL rates and the percentage of 
students of color were derived from the National Center on Education Statistics Common Core of Data 
school-level data (NCES CCD, U.S. Department of Education, 2018).

Relative to the prior school year, the overall percentage of students tested in consecutive falls dropped 
about 10%. On average, students who were assessed in the fall of 2019 but not 2020 scored lower than 
students assessed in both years. The effect size difference ranges from less than -0.01 to -0.23 standard 
deviation units in reading and from -0.04 to -0.14 standard deviation units in math. The FRL rates of the 
schools universally screening in both years were about the same as the rate for schools that universally 
screened in fall 2019 but not fall 2020. The percentage of students of color in schools that universally 
screened in both years was about 5% lower than the percentage among schools that did not assess in the 
fall of 2020. Taken together, these differences indicate that the students tested in the fall of 2020 may not 
be representative of the total population and that the true population effect may be somewhat greater.

Determining the Effects of Absenteeism

KEY TAKEAWAY

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
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Several studies have examined the impact of school closures on student achievement using data from 
other assessment systems. At the time of publication, we were not aware of any attempt to combine 
results across studies. Doing so could tell us more about the extent of the loss and may provide insight 
into the factors contributing to variation across assessments and populations. We compared results from 
FastBridge to those from the Measures of Academic Progress (MAP; Kuhfeld et al., 2020), i-Ready (Dorn et 
al., 2020) and STAR (Renaissance, 2020). (See Appendix for more detail.)

Because results are reported with slight differences across studies, we attempted to convert results into 
a monthly loss scale from which we classified losses as negligible (<= 1 month loss), small to moderate (1-3 
months loss), and moderate combined results for mathematics by grade. We excluded reading as two of 
the four studies did not report reading results by grade.

Table 2 shows a comparison of learning loss estimates across the studies. Dashed lines are used where 
results were not available. 

Examining Evidence of COVID Effects Across Studies

TABLE 2:  LEARNING LOSSES IN MATH BY GRADE AND ASSESSMENT

In the comparison with MAP math results, the drop in the median national percentile is very similar to 
FastBridge results, with differences ranging from 0 to 3 percentile points. It is worth noting that when 
analyzing learning loss in FastBridge by using changes in mean achievement scale scores across years, 
the estimated learning loss is consistently smaller than the loss derived from ROI differences. This may 
imply that MAP results underestimate true learning loss.

Median Percentile Change Percent of Annual Growth Learning Loss in Weeks

Grade MAP Math aMath i-Ready Math aMath STAR Math aMath

1 -- +1 70 - 75% 94% -- 4 - 7 wk

2 -- -6 70 - 75% 92% 4 - 7 wk 4 - 7 wk

3 -10 -10 60 - 65% 82% 4 - 7 wk 8 - 11 wk

4 -11 -8 55 - 60% 73% 8 - 11 wk 12 - 15 wk

5 -9 -8 50 - 55% 68% 12+ wk 12 - 15 wk

6 -6 -7 -- 73% 12+ wk 12 - 15 wk

7 -6 -3 -- 70% 12+ wk 12 - 15 wk

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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WHAT DO THE DATA TELL US?

The consistency of the results across studies in the pattern and magnitude of losses is evidence of 
convergence. These patterns demonstrate that learning losses have occurred in both math and reading, math 
losses are greater than reading losses, and losses in late elementary and middle school are larger than 
losses in early elementary grades. See Appendix for more details.

The percentage of annual performance growth in the study using i-Ready diagnostic math assessment 
scores showed consistently smaller gains relative to prior years than findings from FastBridge aMath. 
A possible explanation for the differences could lie in the fact that the i-Ready data were limited to 
assessments conducted in the school building. In our analysis that included both in-school and at-home 
assessments, we found that the number of students in kindergarten through grade 2 who scored at the 
99th percentile in fall 2020 was much higher than that of prior years. In a study comparing at-home 
and in-school administrations of the NWEA MAP Growth assessments, researchers reported that students 
who tested at home in grades 1 and 2 showed large increases in their percentile rank from the prior fall, 
whereas their peers who tested in school showed flat to lower percentile ranks (Kuhfeld et al., 2020). It is 
possible that the differences in outcomes between FastBridge and i-Ready were due to testing location.

Weekly learning losses reported in the STAR math study were comparable to losses reported in the 
FastBridge study. In both studies, losses ranged from about 4 to 7 weeks in grade 2 to more than 12 weeks 
in grades 5 through 7.

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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When it became clear that COVID would lead to significant disruptions in school schedules, remote testing 
using online methods emerged as an option for many schools. In anticipation of this need, prior to fall 
2020 screening, Illuminate Education developed specific methods with clear protocols for how to conduct 
remote assessment with FastBridge assessments. The new protocols were promoted within the system 
and through direct customer communications, while the learning services team conducted webinars on 
remote administration. The protocols included guidance for using videoconference tools such as Zoom 
to ensure the integrity of the administration. Additionally, Illuminate Education championed the benefits 
of universal screening during this unprecedented disruption in the educational process so that educators 
would have data about student learning needs.  

Our data indicate that most FastBridge users opted to conduct fall 2020 universal screening. Relative to 
prior years, the percentage of schools screening remained very high and testing rates were similar among 
urban, rural, and suburban districts and across socioeconomic status (SES) levels. Users rarely reported 
barriers to screening with FastBridge’s adaptive reading and math assessments. When analyzing the data, 
the only anomaly that FastBridge researchers encountered was the sharp increase in the percentage of 
students scoring at the 99th percentile among the youngest students. For any population of students, 1% 
are expected to score in the 99th percentile. In the fall 2020 screening data for the aMath and aReading 
assessments, 3% to 6% of scores were at the 99th percentile in kindergarten through grade 3. The 
percentages decreased across grades and were at expected levels by grade 4, which is consistent with 
the findings reported by NWEA researchers (Kuhfeld et al., 2020). They found that students in grades 1 
and 2 who tested remotely showed substantial improvements in their percentile ranks from the prior fall, 
whereas students who tested in-person showed patterns consistent with typical distribution of scores.

Based on data indicating that SES and rural settings were reported to be predictors of limited access to 
devices and internet, we also investigated whether FRL status and school setting contributed to differences 
in students’ pre-COVID and COVID screening scores. Consistent with many school-based studies, the 
percentage of students eligible for FRL was used to approximate SES.

Weighing the Impact of Remote Testing

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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For this analysis, we selected aReading and/or aMath data from students attending schools where at least 
80% of students in the grade completed the screening. We included only students with scores in the winter 
and subsequent fall for the 2018-2019 and 2019-2020 school years. Spring data were excluded because 
few schools conducted screenings in spring 2020 and analysis would not be appropriate. We divided our 
data into two sets. The first set, known as the pre-COVID group, included students who were tested in the 
winter and fall 2019. The second set, known as the COVID group, included students who were tested in the 
winter and fall 2020. Further, we treated each grade cohort as an independent sample that was defined 
by the baseline year grade of the student. For example, in the pre-COVID group, the students who were 
first graders in the fall of 2018 were defined as Grade 1. We used this same method to identify the sampled 
groups for kindergarten through grade 8. Final sample sizes generally exceeded 20,000 per grade and 
group (except for kindergarten, where the sample was fewer than 10,000 students). 

Table 3 shows the number of schools and districts by urbanicity included in the aMath and aReading 
analyses. The sample has more rural districts than either suburban or urban; however, the overall sample 
size was fairly similar across the three strata. (In order to simplify language, we use the term “urbanicity” 
to refer to a school’s NCES classification as urban, suburban, or rural.) 

As a check on possible exclusion bias, we compared mean winter achievement scores in aReading and 
aMath for students with scores in both seasons to those who were excluded due to a missing score in either 
the winter or fall, or both. In the pre-COVID group, the overall achievement of students with complete data 
and those missing at least one administration was very similar. In standard deviation units, the difference 
was less than 0.1. In the COVID group, the overall achievement was slightly higher among students with 
complete data than those missing at least one administration. The group with complete data scored about 
0.1 of a standard deviation unit higher than the group with missing data. This finding is consistent with the 
comparison in the prior section between students with and without fall 2020 scores. Although there is a 
small difference, it is unlikely to impact analyses of school FRL and urbanicity effects. 

Measuring Free and Reduced Lunch Status and School Setting

TABLE 3:  SCHOOL AND DISTRICT SIZE (n)  BY ASSESSMENT AND URBANICITY

aReading aMath

 Schools Districts Schools Districts

Urban 385 48 297 43

Suburban 382 93 303 76

Rural 1051 522 942 480

Not Listed 176 93 157 86

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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We used three-level mixed-effects linear models with students 
nested in schools that are nested within districts to evaluate 
the effects of urbanicity and FRL on winter to fall growth. 
Mixed-effects models account for non-independence within 
units of data such as schools and districts. We began with an 
unconditional model to determine the amount of variance 
that is attributable to school and district effects. When the 
percentage is very small, with-level dependency can be 
ignored and simple linear models can be used.

For aMath, we found that in both pre-COVID and COVID 
years, about 12% of total variance could be attributed to the 
combined effects of school and district variation, with about 10% attributable to school effects and about 
2% to district effects. Although relatively small, these effects are non-trivial, so we used the 3-level model 
for aMath.  

For aReading, we found that the 3-level model would not converge, so we used a 2-level model and 
captured 15% and 13% of variance at the school level in pre-COVID and COVID years, respectively. 

For the multilevel models, separate analyses were conducted for the COVID year and the prior pre-COVID 
year. Fall screening scores were regressed onto the prior screening winter scores, the interval (in days) 
between winter and fall screening, the percentage of students who received FRL (as a proxy of the general 
socio-economic status of the school population), and the NCES classification of the district as urban, 
suburban, or rural. We also included interactions between FRL and urbanicity.

“WHAT ARE MIXED-
EFFECT MODELS?”

Mixed-effects linear models (or 
hierarchical linear models) are used to 
account for shared variance with nested, 
non-independent data. This approach 
allows us to reduce statistical bias in 
the models. With these model types, we 
can better understand the influence that 
schools and districts have on students.”

Consistent with the learning losses reported above, we found modest losses across most grades in the 
COVID year relative to the pre-COVID year, except for grade 3 where the difference was flipped. The 
interaction effect of FRL with urbanicity was negligible, except in Grade 1 where we found a small interaction 
between the presence of COVID, urbanicity of the district, and FRL rate for the school. 

Multilevel Results

Specifically, students in urban districts saw a smaller drop in aMath scores 

during the COVID year when their school had extremely low FRL rates 

compared to those of suburban and rural districts. The COVID year effect on 

aReading scores was consistently smaller than it was on aMath scores. 

KEY TAKEAWAY

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
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To illustrate the fixed effects for FRL and urbanicity and the interaction between them, we graphed the 
predicted mean score by FRL percentages separately by urbanicity strata and COVID group (i.e., pre-COVID 
year vs. COVID year). Results for aMath Grades 1, 3, and 5 are presented in Figures 3, 4, and 5, while results 
for aReading in the same grades are presented in Figures 6, 7, and 8. In these graphs, the vertical axis is 
the predicted aMath or aReading scale score and the horizontal axis is the percent of students on FRL. To 
provide context for interpreting the magnitude of the differences, the vertical axis range corresponds to ± 
one standard deviation on the aMath or aReading scale.

These figures show that after controlling for winter performance, achievement in the fall of the COVID year 
(red lines) is consistently lower than fall achievement in the pre-COVID year (teal lines), except for aMath 
grade 3. Moreover, the difference is stable across FRL rates and urbanicity strata, except in Grade 1 where 
there is a weak interaction by FRL rate. Results for aReading are similar, albeit the magnitude of the COVID 
year effect is smaller.

These results indicate that the drop in performance 
during the COVID year is nearly uniform across school 
types, race/ethnicity (which was always negligible 
though not reported here), and poverty levels. 
Specifically, neither FRL status, nor school location 
contributed to the lower scores. However, since we 
could only model the effects of FRL at the school level—
and since we do not know if there was differential 
access to remote assessment based on a student’s 
individual situation—it is possible that students who 
were enrolled but did not participate in screening were 
more likely to lack internet access or digital device 
necessary to participate in remote testing. 

WHAT DO THE DATA TELL US?

The drop in performance during the COVID 
year is nearly uniform across school types, 
race/ethnicity, and poverty levels. Specifically, 
neither FRL status, nor school location 
contributed to the lower scores.

FIGURE 3:  STARTING GRADE 1 AMATH SCORES PREDICTIONS BY SCHOOL YEAR, FRL,  AND URBANICITY

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
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FIGURE 4:  STARTING GRADE 3 AMATH SCORES PREDICTIONS BY SCHOOL YEAR, FRL,  AND URBANICITY

FIGURE 5:  STARTING GRADE 5 AMATH SCORES PREDICTIONS BY SCHOOL YEAR, FRL,  AND URBANICITY

FIGURE 6:  STARTING GRADE 1 AREADING SCORES PREDICTIONS BY SCHOOL YEAR, FRL,  AND URBANICITY

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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FIGURE 7:  STARTING GRADE 3 AREADING SCORES PREDICTIONS BY SCHOOL YEAR, FRL,  AND URBANICITY

FIGURE 8:  STARTING GRADE 5 AREADING SCORES PREDICTIONS BY SCHOOL YEAR, FRL,  AND URBANICITY

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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SUMMARY OF RESEARCH 

Thus far, the data reported indicate that COVID has negatively influenced students’ learning in math and 
reading, with those effects being observed uniformly across subpopulations of students who completed 
fall screening. This conclusion is based on our own data, as well as other reports of lower reading and 
math scores since the COVID pandemic began. 
 
As noted by Sawchuck et al. (2020), the initial research suggests that during the COVID-19 school 
disruptions, students have kept up with reading skills better than math. However, it is important to note 
that the initial studies of COVID learning results during 2020 have used a variety of methods and are 
preliminary (Catalano, 2020).
 
We have attempted to compare the findings from major reported COVID student learning outcomes, and 
our findings are consistent with Catalano and suggest that COVID-era instruction has resulted in lower 
math skills growth than reading growth. Still, as noted in our analysis, reading skills generalize more readily 
across instructional formats and settings, thus it may be that students are able to make better reading 
progress during the pandemic.
 
Additionally, the results reported to date were largely impacted by school closures during the spring of 
2020 and do not reflect the ongoing interruptions in schools and challenges with remote learning since 
school restarted in the fall of 2020. The uncertainty of the specific instruction provided for students during 
the pandemic deems it premature to draw firm conclusions about why math skills appear to be lagging 
behind reading as the pandemic continues. 

Learn more about this research and gain valuable insights into how 
you can accelerate learning for each and every student. 
Watch On-Demand Webinar

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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So, what can be done to support students and teachers to help make up for COVID-19 learning loss? 
Student support models such as an MTSS (Brown-Chidsey & Bickford, 2016) are one way that schools 
can be prepared to address students’ learning needs. However, tiered supports such as supplemental 
interventions are not likely to be enough to meet the expected, widespread need. For this reason, we 
recommend schools: 

1. Continue to conduct screening to identify the largest learning gaps and address these through 
intensified Tier 1 instruction. As noted by Gibbons, Brown, and Niebling (2018), Tier 1 core 
instruction is the single most effective way to improve all students’ learning outcomes.

2. Look to benchmarks as the goal for all students to get back to, while understanding that Rate 
of Improvement (ROI) is the key metric to focus on when conducting progress monitoring this 
school year, since many students will start the year significantly behind the norm.

3. Consider spending more time on high-need areas, such as math in in grades 2 through 8. The 
risk of learning loss is greater in these grades and with this subject, so it is even more critical 
to spend time helping students make up for the lack of math instruction that occurred as a 
result of COVD-19 school closures.

4. Lastly, effective remote instruction is possible and teachers will need support to make it happen. 
Although far more research is needed as to the best online instruction for K-12 students, 
college-level findings combined with prior research documenting effective instruction in 
classrooms is available. From that research, we recommend the following best practices for 
administrators and teachers who will plan and deliver remote instruction.

• Designing and developing remote courses has been a new challenge for most K-12 teachers. 
Extra time is needed to make lessons easy to navigate and engage in a virtual setting.

• Similar to in-person learning, establish the course expectations with students before the class 
begins and on a regular basis. 

• Being present and expecting the same mindset from students sounds easy, but it can be 
challenging after multiple hours of remote instruction. By modeling expected behavior and 
praising students for meeting expectations, teachers demonstrate they are engaged. Following 
up with phone calls or texts to students who are absent can help break down barriers to 
participation.

• Create and use activities that require students to be fully engaged. For example, during 
synchronous sessions, encourage students to repeat ideas, answer questions, and practice new 
skills at least as often as directions are given.

• Provide students frequent feedback during every session and with every assignment submitted. 
This could mean praising students during synchronous sessions and sending written or verbal 
feedback for asynchronous activities.  

• Seek out professional learning opportunities to expand online teaching skills. There are many 
free events available through professional organizations and content publishers.

Recommendations for Achieving Catch-Up Growth

Tips for Delivering Effective Online Instruction 

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
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USE FASTBRIDGE TO
REDUCE COVID-1 GAPS

The FastBridge assessment system can help you build an MTSS framework grounded on solid Tier 1 
core instruction to help all students recover lost learning. FastBridge is the only assessment system 
to combine Computer-Adaptive Tests (CAT) and Curriculum-Based Measures (CBM) for screening and 
progress monitoring across reading, math and SEB so you can better understand and support the needs 
of the whole child. Screen students with FastBridge this fall to understand what they know—and what they 
don’t—and plan instruction to close skill gaps. In addition to quick, reliable data, FastBridge delivers:
 

• Easy-to-read reports that connect data to evidence-based recommendations for instruction

• Professional development and training to build teachers’ capacity to implement assessments 
and instructional supports effectively

START MAKING UP FOR LOST TIME
Contact us to learn how Illuminate can help accelerate learning so 
that students can continue meeting grade-level goals.

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS

https://ie.fastbridge.org/contact-sales-FB-COVID-whitepaper-II/
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APPENDIX  

A brief overview of the studies that have examined the impact of school closures on student achievement 
using data from other assessment systems

MAP Outcomes. A study published by the Northwest Evaluation Association (NWEA) using Measures of 
Academic Progress (MAP) reading and math assessments, reported results in terms of differences in the 
median national percentile in the fall of 2020 compared to the fall of 2019 in grades 3 through 8 (Kuhfeld, 
et al., 2020). For that analysis only schools that assessed students in the fall of 2019 and the fall of 2020 
were included. The NWEA data indicated that the participating students performed about the same across 
years in reading, but about 5 to 10 percentile points lower in math. Additionally, the report disaggregated 
the math results by grade. In order to compare FastBridge results to the MAP math results, we computed 
the median national percentile difference of FastBridge aReading and aMath assessments for schools 
that conducted universal screening in both the fall of 2019 and the fall of 2020.  We limited the data set to 
schools that assessed at least 25 students per grade and assessed about the same number of students 
across years within each grade.

i-Ready Outcomes. In a paper using i-Ready scores published by Curriculum Associates, results were 
reported as the percentage of annual growth relative to the three prior years (Dorn, et al., 2020). The 
data were limited to assessments conducted in the school building (i.e., not any assessments conducted 
remotely by students at home due to COVID) and were reported for students in kindergarten through 
grade 5. Score growth from the fall of 2019 to the fall of 2020 was 87% of historical averages in reading 
and 67% in math. The reported results were further disaggregated by grade for math, but not for reading, 
thus, our comparative analysis was limited to the math data. To compare FastBridge results with i-Ready 
diagnostic math results we converted the FastBridge monthly loss into a percentage of expected score 
growth. This conversion was based on the ratio of the observed difference in annual gains (Column 1 in 
Table 1) to the expected gain based on the three prior years.

STAR Outcomes. Renaissance Learning publishes the STAR reading and math assessments and reported 
results several ways. First, they reported the difference in the median national percentile rank and scaled 
score on the STAR reading and math assessments (Renaissance, 2020). Those results were based on a 
cohort of students who tested in both the fall of 2019 and the fall of 2020. In reading, the median percentile 
increased slightly in grades 1 through 3 and decreased slightly in grades 4 through 8. The median national 
percentile in math decreased across all grades 2 through 8, with declines ranging from 3 percentile points 
in grade 8 to 10 percentile points in grades 4 and 5. Second, they reported results relative to the median 
national student growth percentile (SGP) from fall 2019 to fall 2020. The data showed that the STAR 
early literacy and reading growth dropped slightly; however, the median math SGP declined from 5 to 20 
percentile points. Last, they reported results in terms of the number of weeks of learning loss. In reading, 
learning losses ranged from negligible to 4 to 7 weeks. In math, learning losses ranged from about 4 to 
more than 12 weeks. To compare FastBridge learning losses with the STAR assessments from Renaissance 
Learning, we converted FastBridge learning losses from months to weeks.

NO LONGER A PREDICTION: WHAT NEW DATA TELL US ABOUT
THE EFFECTS OF 2020 LEARNING DISRUPTIONS
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